5G ZEEXM TR TBL 7 RERiE

HBEH ", wkikiE®, PR, TR
(1. ¥ B AT IAH FRAE) W 4258, @) REE 610031;
2. BH B K FIGBEH SWRF R, W RA 611756)

8 B FRNIENEEROE KRB Sy, a] bk B B m A g v, TR BT WA
ISR o YRR R L AR (R e A 1 (S A S A AR S R K BT, SEURE
PR VPSR AR R, R, AT 0 R A3 T 56 AT DGR IR R Y B A R, AT AR o AR a4 ]
FEME, PRARETGE. B SeHT 1 IR P A 2 0 ot A S T A TR 1D R T LA B A i ZE I R SRS AR R
BEASEIBAT R AT, T T SR PR R R B A5G BRI AT, T T
5G BN B IRRAL A BB B DTk B, EEBPRME . TSR AL A RS B R S =,
HEA NTHEFARRE THET 5G+V2X K& B2l L BT & .

X R, BERE; WIS E; AN TG 5G+v2X

HFETES: TP399

AR : A

doi: 10.11959/j.issn.1000-0801.2023139

Review of optimal resource allocation scheme for
5G Internet of vehicles

ZHENG Chengyu', YAO Yiting®, LIANG Hongbin®, WANG Lei’

1. China Telecom Corporation Sichuan Branch, Chengdu 610031, China
2. School of Transportation and Logistics, Southwest Jiaotong University, Chengdu 611756, China

Abstract: As a necessary part of the development of intelligent transportation, the Internet of vehicles (IoV) accele-
rates the construction of intelligent transportation infrastructure in China, which plays an important practical signi-
ficance to the construction of smart city. The number of vehicles and the massive data generated by them make the
transmission conflict rate between communication vehicle nodes rise significantly, and communication resources and
computing resources are in short supply. Therefore, the effective resource allocation scheme can ensure the commu-
nication quality of vehicle networking, thereby improving the reliability of vehicle communication and reducing the
time delay. Firstly, the influence of IoV on the development status of intelligent transportation at home and abroad

and the bottlenecks of the development of IoV were analyzed. Secondly, in terms of the efficiency and safety of smart
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transportation, the resource allocation problem of IoV was analyzed. Thirdly, by summarizing the advantages of 5G

technology, the contribution of 5G in the optimization allocation and management of vehicle networking resources

was analyzed. Finally, combined with the application of artificial intelligence technology in the context of Internet of

vehicles communication, computing and storage resource optimization allocation and management, the development

prospect of intelligent transportation based on 5G+V2X was proposed.

Key words: Internet of vehicles, intelligent transportation, optimal resource allocation, Al, 5G+V2X
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